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A Method for Identifying Disaster-Affected Locations Using 3D City Models
and 2D Images from Social Media
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Social media-derived 2D images and latitude-longitude data generally lack azimuth information, limiting their use

in identifying disaster-affected locations. Even if complete azimuth data were available, accurately pinpointing a

disaster location remains challenging, as the affected area may not always be centered in the image. This study

validates azimuth estimation for images using conventional feature extraction technologies and deep learning

methods. Furthermore, it proposes a method to identify locations by integrating three-dimensional city models with

position estimation from 2D images with confirmed azimuths.
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1) OpenCV (Open Source Computer Vision Library)
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