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Preliminary Parameter Optimization Study in Sediment Runoff and Debris Flow Simulation
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The physical parameters in sediment transport simulation (i.e., debris-flow simulation and sediment runoff

simulation) have been decided mainly by field observation and/or try-and-error, which requires a hard effort. To

improve the effectiveness of the parameter estimation, we developed a methodology based on Appropriate Bayesian

computation to predict the probabilistic density functions of plural physical parameters. In addition, to evaluate the

feasibility of estimating parameters related to sediment production in sediment-runoff simulations using the

observation data by hydrophone, we investigated the seasonal variability in the relationship between water and

sediment discharge in nationwide observation data. (94 words).
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