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Estimation System of Damaged Buildings using Aerial Video Analysis for Disaster Response
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In the past earthquakes, too many buildings, especially wooden buildings were damaged. Disaster response
headquarters need information of damaged buildings to grasp whole picture of earthquake damage. However, it is
difficult for them to get this information during disasters. This paper developed estimation system of damaged
buildings, especially collapsed buildings, from aerial video to support disaster response. We used aerial video of the
2016 Kumamoto earthquake and multiple object tracking of deep learning for this system. As a result, the recall was
29.1%, the precision was 36.7%. As future work, we need to develop accuracy of the estimation system. We plan to

create the model to classify damaged class in addition to collapsed class and no damaged class. Moreover, we need

to modify the model to connect buildings in the video with real location information.
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TP FP FN Recall Precision
1t 15 39 56 0.211 0.316
2nd 19 40 33 0.365 0.355
3t 26 53 62 0.295 0.361
4th 40 53 97 0.292 0.448
Average 0.291 0.367

Number of collapsed buildings: 14
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