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Hypocenter Determination Using Deep Learning Technique Based on Travel Time Probability Trace
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We here suggest a novel procedure based on a deep learning technique to make a seismic event catalog from

continuous waveform data obtained by dense observation networks. To take advantage of deep learning, we make

a one-stop analysis routine, instead of decomposing the process into many ones such as event detection,

arrival-time measurement, phase association, and hypocenter determination. We tested the suggested method by

assuming AE measurement of hydraulic fracturing experiments in laboratory and confirmed that the method works

well for test data that were numerically generated.
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