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Detection of Collapsed building using Multi Object Tracking from Aerial Videos
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In the past earthquake disaster, it was too difficult to grasp overall damage of buildings, which hindered initial

response such as rescue. In recent years, many fire headquarters use drones to grasp damage of disaster from aerial

images or videos. In this paper, we developed detection system of collapsed buildings from aerial movies using

MOT (Multiple Object Tracking) to provide effective information for rescue activity. Our model using MOT can

extract collapsed buildings by circumscribed quadrangle and identify the same buildings from some frame images

with various angle.
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